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Abstract—In-network content caching has been deployed in
both the Internet and cellular networks to reduce content-access
delay. We investigate the problem of developing optimal joint
routing and caching policies in a network supporting in-network
caching with the goal of minimizing expected content-access
delay. Here, needed content can either be accessed directly from
a back-end server (where content resides permanently) or be
obtained from one of multiple in-network caches. To access
content, users must thus decide whether to route their requests
to a cache or to the back-end server. Additionally, caches must
decide which content to cache. We investigate two variants of
the problem where the paths to the back-end server can be
considered as either i) congestion-sensitive or ii) congestioninsensitive, reflecting whether or not the delay experienced by
a request sent to the back-end server depends on the request
load, respectively. We show that the problem of optimal joint
caching and routing is NP-complete in both cases. We prove that
under the congestion-insensitive delay model, the problem can
be solved optimally in polynomial time if each piece of content
is requested by only one user, or when there are at most two
caches in the network. We also identify the structural property
of the user-cache graph that makes the problem NP-complete. For
the congestion-sensitive delay model, we prove that the problem
remains NP-complete even if there is only one cache in the
network and each content is requested by only one user. We show
that approximate solutions can be found for both cases within
a (1 − 1/e) factor from the optimal, and demonstrate a greedy
solution that is numerically shown to be within 1% of optimal
for small problem sizes. Through trace-driven simulations we
evaluate the performance of our greedy solutions to joint caching
and routing, which show up to 50% reduction in average delay
over the solution of optimized routing to LRU caches.
Index Terms—content placement, routing, joint optimization,
complexity

I. I NTRODUCTION
With the rapid growth of data traffic over cellular networks,
it has been widely acknowledged that the conventional macrocell architecture (4G-LTE) will not be able to support such
traffic growth [1]. Since content caching has proven to reduce
server traffic by more than 60% [2], [3], in-network caching
of content at storage-enabled nodes has received considerable
attention as a means to reduce the use of network link
bandwidth while improving the delay performance of end
users by bringing content closer to the users. The benefits
of in-network content caching has been demonstrated in the

context of CDNs as well as in hybrid networks comprised
of cellular and MANETs or femto-cell networks [4]–[6]. The
FemtoCaching architecture [7] effectively replaces back-haul
capacity with storage capacity, allowing user content requests
to be satisfied by caches at the wireless edge, with backhaul links being used primarily to refresh cache content. Prior
work [7]–[9] has focused on the content placement problem,
i.e., determining which content should be placed at which
caches for a given topology and file popularity distribution,
under the assumption that users greedily access content over
the minimum delay path.
In this paper, we study a joint problem of caching and
routing, considering the inter-related routing and caching decisions, with the goal of minimizing average content access
delay over all user requests. We consider a scenario in which
users request content that is permanently stored at a back-end
server, and that can be accessed in one of two ways − either
directly from the back-end server over an uncached path, or
via one of the caches located within the network. These caches
can be located either at the network edge as in the case of a
CDN, or can be in-network caches in the case of a hybrid
wireless network. In the latter setting, MANET-like routing
might be used to route content requests to in-network caches,
while a separate (and potentially costly, congested, and/or
slower speed) cellular link might be used to directly access
the back-end server. If a request is routed to an in-network
cache that holds the content, the request is served immediately.
Otherwise, the cache must download the content from the
back-end server before serving it to the user, incurring an
additional delay. Additionally, the cache must decide whether
or not to store the downloaded content.
We address the following question − how should users
route requests between the in-network caches and the backend server, and what in-network cache management policy
should be adopted to minimize overall network delay? We
consider two variants of the problem. In the first case, referred
to as the congestion-insensitive case, we assume that delays are
independent of the traffic load on all paths. In the second case,
referred to as the congestion-sensitive case, we assume that the
delay to the back-end server depends on the traffic load; we
model the congestion-sensitive delay using G/G/1 queues. In

a hybrid cellular/MANET network, the uncached path in the
congestion-insensitive model corresponds to GBR (guaranteed
bit rate) 3GPP bearer service, while in the congestion-sensitive
model it corresponds to Non-GBR Aggregate Maximum Bit
Rate (AMBR) bearer service [10]. We investigate the time
complexity of finding the optimal solution for the joint caching
and routing problem for both cases.
Our goal in this paper is twofold. First, we seek an
understanding of the computational complexity of the joint
caching and routing problem: Can the general problem be
solved optimally in polynomial time? If not, are there problem
instances that are tractable and what aspects make the general
problem intractable? Second, we seek efficient approximate
solutions to the joint caching and routing problem that perform
well in practice.
Our contributions can be summarized as follows:
•

•

•

•

We provide a unified optimization formulation for the
joint caching and routing problem for the congestioninsensitive and congestion-sensitive models and prove
that the problem is NP-complete in both cases.
For the congestion-insensitive uncached path model, we
show that the optimal solution can be found in polynomial
time if each content is requested by only one user,
or when the number of caches in the network is at
most two. Moreover, we identify the root cause of the
problem complexity in general cases − cycles with an
odd number of users and caches in the bipartite graph
representing connections between users and caches. For
the congestion-sensitive uncached path model, however,
we show that the problem remains NP-complete even if
there is only one cache in the network and each content
is requested by only one user.
We develop a greedy caching and routing algorithm that
achieves an average delay within a (1−1/e) factor of the
optimal solution and a second greedy algorithm of lower
complexity.
We evaluate the performance of the proposed greedy
algorithms together with the optimal solution (via bruteforce search) and a baseline solution based on LRU
through numerical evaluations and trace-driven simulations. Numerical results show that the greedy algorithms
perform close to optimal when computing the optimal
solution is feasible. Results from trace-driven simulations
show that the greedy algorithms yield significant performance improvement compared to solutions based on
traditional LRU caching policy.

The remainder of this paper is organized as follows. In
Section II, we describe our network model, and in Section III,
we formulate the problem of optimal joint caching and routing.
In Sections IV and V, we present our complexity results for the
congestion-insensitive and congestion-sensitive delay models,
respectively. Section VI explains the approximate algorithm,
and Section VII presents simulation results. Section VIII
reviews the related work, and Section IX concludes the paper.

Fig. 1: Hybrid network with in-network caching

II. N ETWORK M ODEL
In this section, we consider the network shown in Figure 1
with N users generating requests for a set of K unique files
F = {f1 , f2 , . . . , fK } of unit size. Throughout this paper, we
will use the terms content and file interchangeably. We assume
that these files reside permanently at the back-end server. As
shown in Figure 1, there are M caches in the network that
can serve user requests.
All files are available at the back-end server and users are
directly connected to this server via a cellular infrastructure.
We refer to the cellular path between the user and the backend server as the uncached path. Each user can also access a
subset of the M in-network caches where the content might be
cached. We refer to a connection between a user and a cache
as a cached path.
Let Cm denote the storage capacity of the m-th cache
measured by the maximum number of files it can store. If
user i requests file j and it is present in the cache, then the
request is served immediately. We refer to this event as a cache
hit. However, if content j is not present in the cache, the cache
then forwards the request to the back-end server, downloads
file j from the back-end server and forwards it to the user. We
refer to this event as a cache miss, since it was necessary to
download content from the back-end server in order to satisfy
the request. Note that in case of a cache miss, the cache can
decide whether to keep the downloaded content.
User i generates requests for the files in F according to
a Poisson process of aggregate rate λi . Aggregate request
rate of all users is λ. We assume the independent reference
model (IRM) and denote by qij the probability that a request
generated by user i is for file j (referred to as the file
popularity). The popularity of the same file can vary from
one user to another.
Let aim denote the existence of a connection between user
i and cache m, with aim = 1 if user i is connected to cache
m, and aim = 0, otherwise. We consider two models for
the delay over the paths to the back-end server. The first
is a congestion-insensitive delay model where the delays are
independent of the traffic load on the links to the back-end
server. In this case, the average delay experienced for a request
by user i sent over the uncached path is dbi . Also, for the user-

cache connections, we denote the average delays incurred by
user i in the event of a cache hit or miss at cache m by
dhim and dcim , respectively. We assume that dhim < dbi < dcim
if aim = 1. The second model is a congestion-sensitive delay
model where delays experienced over the paths to the backend server depend on the traffic load. In this case, we assume
that the requests sent over the uncached paths, and the requests
missed from caches experience constant initial delays dbi and
dcim as well as load-dependent (queueing) delays captured by
convex functions db (·) and dc (·), respectively.
III. P ROBLEM F ORMULATION
In this work, we consider a joint caching and routing
problem with the goal of minimizing average content access
delay over all user requests for all files. The solution to
this problem requires addressing two closely-related questions
1) How should cache contents be managed - which files should
be kept in the caches, and what cache replacement strategy
should be used? and 2) How should users route their requests
between the cached and uncached paths?
For our routing policy, we define a decision variable pijm
that denotes the fraction of the requests of user i for
Pcontent
j sent to cache m. User i sends the remaining 1 − m pijm
fraction of her requests for content j to the back-end server
through the uncached path.
It is shown in [11] that static caching minimizes expected
delay for a single cache when user demands and routing are
fixed. With static caching, a set of files is stored in the cache,
and the cache content does not change in the event of a cache
hit or miss. The argument in [11] was extended in [12] and [13]
to a network of caches to show that static caching achieves
minimum expected delay under a fixed routing policy. Hence,
we define the binary variables xjm ∈ {0, 1} to denote the
content placement in caches, where xjm = 1 indicates file j
is stored in cache m and xjm = 0 indicates otherwise.
We denote by D(x, p) the expected delay obtained by
a content placement strategy x = [xjm ], and a routing
strategy p = [pijm ]. We also use D∅ to denote the expected delay when no content is cached, where D∅ is assumed to be finite. The caching gain can then be defined as
G(x, p) , D∅ − D(x, p). The goal of joint caching and routing is to maximize G(x, p) which can equivalently be obtained
by solving the following Mixed-Integer Program (MIP):
"
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denote the request load over the uncached paths, and the load
of requests missed from caches, respectively.
In the next two sections, we express the delay function D(x, p) for the cases of i) congestion-insensitive and
ii) congestion-sensitive uncached path delay models, and
discuss why the joint caching and routing problem is NPcomplete.
IV. C ONGESTION -I NSENSITIVE U NCACHED PATH
First, we consider the case where delays on the uncached
path, dbi , do not depend on the traffic load on the backend server. Hence, throughout this section we assume that
db (·) = dc (·) = 0.
Without loss of generality, we assume that dhim < dbi < dcim
whenever user i is connected to cache m, i.e., aim = 1. The
routing variables pijm for user i are easily determined when
the above assumption does not hold. Note that if dbi ≥ dcim ,
user i will never use the uncached path. Also, if dbi ≤ dhim ,
user i will never use cache m.
It is easy to see that with the congestion-insensitive model,
given a content placement, the average minimum delay is
obtained by routing requests for the cached content to caches,
and routing the remaining requests to the uncached path. Note
that under this routing policy no cache misses occur.
Note that D(x, p) is a linear function of the routing variables. Also note the additional constraint pijm ≤ xjm · aim ,
which is due to the fact that only requests for cached content
are routed to caches. Since dhim < dbi < dcim , users have
no incentive to split the traffic for any content between the
cached and uncached paths, and hence there will be an optimal
solution such that no routing variable has a fractional value,
i.e., pijm ∈ {0, 1}.
A. Hardness of General Case
The above formulation of the joint caching and routing
problem is a generalization of the Helper Decision Problem (HDP) proved to be NP-complete in [7]. Our formulation
is more general as we consider non-homogeneous delays
for the cached and uncached paths. Therefore, we have the
following result.
Theorem 1. The optimal joint caching and routing problem
with congestion-insensitive uncached paths is NP-complete.
Proof. HDP reduces to the optimization problem in (1) by
setting db (·) = dc (·) = 0, dbi = 1, dhim = 0, and Cm = C,
where C is the cache size at all caches in HDP. Hence, joint

caching and routing problem is NP-hard. Moreover, for any
given routing and caching, average delay can be computed
in polynomial time. Therefore, the joint caching and routing
problem in case of congestion-insensitive uncached paths is
NP-complete.
Although the problem is NP-complete in general, we will
show that the joint caching and routing problem can be solved
in polynomial time for several special cases. We will also
identify what makes the problem “hard” in general. We first
consider a restrictive setting where each user is interested in
only one file and each file is requested by only one user.
Next, we consider a network with two caches (but each user
may be interested in an arbitrary number of files). We present
polynomial time solutions for both cases. Finally, we present
an example that demonstrates what we conjecture to be the
source of the complexity of this problem.
B. Special Case: One File per User
Consider the network illustrated in Figure 1, but assume
each user is interested in only one file, i.e., qii = 1, and
qij = 0 for i 6= j. In this case, the optimal solution to the
joint caching and routing problem can be found in polynomial
time based on a solution to the maximum weighted matching
problem. A similar reduction of a caching problem to the
maximum weighted matching problem was also previously
presented in [14].
Note that in this case, the number of files equals the number
of users, i.e., N = K. To avoid triviality, we assume that the
number of users is larger than the capacity of each cache in
the network, i.e., Cm < N, ∀m.
Theorem 2. The solution to the joint caching and routing
problem with congestion-insensitive uncached paths in case
of one file per user can be computed in polynomial time.
Proof. The assumption that each user is interested in only one
file allows us to rewrite the objective function in (1) as
N
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λi (di −dim ) can be interpreted as the gain obtained by having
file i in cache m. This problem can then be naturally seen as
matching files to caches with the goal of maximizing the sum
of individual gains. In what follows, we map this problem to
the maximum weighted matching problem.
For each cache of size Cm , we introduce Cm nodes
1
2
Cm
{vm
, vm
, . . . , vm
} representing unit size micro-caches that
CM
1
form cache m. Let V = {v11 , v12 , . . . , v1C1 , . . . , vM
, . . . , vM
}
denote the set of all such nodes, and let U = {u1 , u2 , . . . , uN }
denote the set of all files. We define the bipartite graph
G(U, V, E) with λi (dbi − dhim ) as the weight of the edges
s
connecting node ui to nodes vm
, ∀s ∈ {1, 2, . . . , Cm }. Figure 2 demonstrates a bipartite graph with user/file nodes u

Fig. 2: Modeling content placement as a maximum weighted matching
problem. Each user is interested in only one file and each file is requested by
only one user. Problem can be solved by matching users to cache spaces.

and the micro-cache nodes v with the edge weights shown for
some of the edges.
of
PNote that the bipartite graph consists
P
|U | + |V | = N + m Cm vertices and |E| = O(N m Cm )
edges.
The optimal solution to the joint content placement and routing problem corresponds to the maximum weighted matching
for graph G. The edges selected in the maximum matching
determine what content should be placed in which cache.
Users then route to caches for cached content, and to the
uncached path for the remaining files.
The maximum weighted matching problem for bipartite
graphs can be solved in O(|V |2 |E|) using the Hungarian
algorithm P
[15]. In our context, the complexity is O(M 3 N 4 ).
Note that m Cm = O(M N ) as we assume Cm < N, ∀m.
Therefore, we can solve the joint caching and routing problem
in polynomial time when users are interested in one file
only.
C. Special Case: Network with Two Caches
Next, we show that the optimal solution for the joint caching
and routing problem can be found in polynomial time when
there are only two caches in the network. Specifically, we
prove that the solution to the integer program (1) can be found
in polynomial time when there are two caches in the network.
By relaxing the integer constraints on content placement
variables, xjm , and allowing them to take real values, i.e.,
0 ≤ xjm ≤ 1, we obtain a linear problem (LP) that is generally
referred to as the “relaxed” problem. Since the objective function in (1) is convex, the solution to the relaxed problem can be
found in polynomial time for all instances of the problem. Note
that
Pthe set of constraints
P in the relaxed version of (1), namely,
i) m pijm ≤ 1, ii) j xjm ≤ Cm , iii) −xjm ≤ 0, xjm ≤ 1,
and iv) −pijm ≤ 0, pijm − xjm · aim ≤ 0 can be written in
the linear form Az ≤ b where the entries of A and b are all
integers, and z consists of the xjm and pijm entries. We will
show that for a network with two caches solving the relaxed
program will produce integral solutions.
Before delving into the proof we introduce some definitions
and results from [16]:

(a)

(b)

(c)

(d)

Fig. 3: A network with three users (solid circles) and three caches (squares).
Each user is in the communication range of two of the caches.

Definition 1. A square integer matrix is called unimodular if
it has determinant +1 or −1.
Definition 2. An m×n integral matrix A is totally unimodular
if the determinant of every square submatrix is 0, 1, or −1.
Proposition 1. If for a linear program {max cT z : Az ≤ b},
A is totally unimodular and b is integral, then all vertex
solutions of the linear program are integral.

Fig. 4: (a) A network of three users (circles) connected to three caches
(squares) forming a cycle. Users are equally interested in two files, red and
green. (b) Optimal content placement according to binary placement decisions,
i.e., xjm ∈ {0, 1}. (c) Optimal content placement assuming fractions of files
can be stored in caches, i.e., 0 ≤ xjm ≤ 1. (d) Optimal content placement
with the possibility of content coding. A copy of the two files is stored in
two of the caches, and the third cache keeps a coded copy, e.g., XOR of the
two files.

From Proposition 1, then, it suffices to show that the matrix
A is totally unimodular for a network with two caches to prove
that the optimization problem can be solved in polynomial
time. To prove that the matrix A is totally unimodular we use
the following result from [17]:
Proposition 2. A matrix is totally unimodular if and only if
for every subset R of rows, there is an assignment
s : R → ±1
P
of signs to rows so that the signed sum r∈R s(r)r (which
is a row vector of the same width as the matrix) has all its
entries in {0, ±1}.
Theorem 3. For a network with two caches, the LP relaxation
of (1) with db (·) = dc (·) = 0 produces an integral solution in
polynomial time.
Proof. In Appendix A, we give a constructive proof showing
that for any subset R of rows of A we can find an assignment
s that satisfies Proposition 2.
D. Complexity Discussion
Consider a network with three users and three caches as
depicted in Figure 3. With each user connected to two of the
caches, the user-cache connections can be seen to form a cycle
as demonstrated in Figure 4a. Assume all paths from users to
caches have equal hit and miss delays. Also, assume that each
cache has the capacity of storing one file, and that all three
users are interested in two files, noted here as green and red.
For the above network, the optimal content placement is
to replicate one of the files in two of the caches, and have
one copy of the other file in the third cache, as shown in
Figure 4b. The solution to the relaxed optimization problem
however would be to store half of each file in each cache,
i.e., x1m = x2m = 0.5, which achieves strictly smaller average

Fig. 5: Examples of network topologies conforming to conjecture criteria.

delay. This solution is illustrated in Figure 4c1 .
The above discussion shows how the solution to the MILP
optimization problem differs from its relaxed counterpart for
the network shown in Figure 3. Such mismatch between the
two solutions is also observed for larger networks that contain
odd number of users and odd number of caches connected in
a way that form a cycle. We conjecture that these cycles are
the source of complexity in the problem of joint caching and
routing, and for networks that do not have any such cycles the
solution to the optimization problem (1) matches that of the
relaxed problem. More specifically we have:
Conjecture 1. The optimal solution to the problem of joint
caching and routing can be found in polynomial time if there
are no cycles of length 4k + 2 for any k ≥ 1 in the bipartite
graph corresponding to the user-cache connections.
We have performed numerical simulations with thousands
1 Note that we do not consider the solution of the relaxed problem as a
legitimate content placement. Although it looks like all users can access the
two files via the caches in Figure 4c, when splitting the files in halves, two
of the caches will store the same half copy of a file, and the user connected
to those caches will only get half of that file from the caches and still needs
to use the uncached path for the other half. However, we acknowledge that
with the possibility of coding, content placement can be done in such a way
that users can get both files from caches, as is shown in Figure 4d. We are
not considering coded content placement in this work.

of randomly generated sample problems similar to the ones
shown in Figure 5, with networks of four and five caches
and up to 100 users in the network. We have then solved the
LP version of MILP (1) to compute the optimal caching and
routing. For all these sample problems, we have observed that
the optimal solutions are integral. Although not a proof, these
results support our conjecture.
V. C ONGESTION -S ENSITIVE U NCACHED PATH
Next, we consider the case where delays for the requests
over the uncached paths and requests missed from caches
depend on the load from such requests. Namely, we compute
the delay over the uncached paths and the paths from the
caches to the back-end server using the convex functions db (·)
and dc (·), respectively. The reason we treat requests over the
uncached path and missed requests from caches separately is
that these paths could use different infrastructures to reach
the back-end server. For example, requests from mobile users
over the uncached path could use the LTE infrastructure, while
missed requests from caches deployed on WiFi access points
could use a wireline broadband connection.
A. Hardness of General Case
Note that we can consider the congestion-insensitive delay
model as a special case of the congestion-sensitive model
where db (·) = dc (·) = 0. Thus, this problem is NP-complete
in general. In the remainder of this section, however, we will
prove that the problem of joint caching and routing in the case
of a congestion-sensitive delay model remains NP-complete
even if there is only one cache in the network and each content
is of interest to no more than one user.
B. Hardness of Single-Cache Case
Here, we consider a special case of the problem where
the delays for the requests sent over the uncached paths are
modeled as an M/M/1 queue, i.e., db (λb ) = 1/(µb − λb ),
where µb denotes the service rate. Also, the requests missed
from caches are assumed to observe a constant delay dci , i.e.,
dc (λc ) = 0. Modifying the delay function D(x, p) in (1) for
the case of one cache, i.e., M = 1, and assuming each user
is interested in only one file, i.e., qii = 1, ∀i, and qij = 0 for
i 6= j, we can rewrite the optimization problem as
"N
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0 ≤ pi ≤ ai
xi ∈ {0, 1},
where pi = pii1 denotes the fraction of user i requests routed
to the cache. Also, ai denotes whether user i is connected to
the cache.

To show that the above optimization problem is NPcomplete, we consider the corresponding decision problem,
Congestion Sensitive Delay Decision Problem (CSDDP).
Problem 1. (Congestion Sensitive Delay Decision Problem)
Let Λ = [λ1 , λ2 , . . . , λN ] denote user request rates, and let
dh = [dhi ], dc = [dci ] and db = [dbi ] denote the hit delay,
miss delay and initial access delay of the uncached path,
respectively. Also, let µ be the service rate of the back-end
server, and C be the cache capacity.
We ask the following question: given the parameters
(µb , Λ, dh , dc , db , C) and a real number d, is there any
assignment of x = [xi ] and p = [pi ] such that D(x, p) ≤ d.
It is clear that for any given content placement x and
routing policy p the answer to CSDDP can be verified in
polynomial time, and hence CSDDP is in class NP. To prove
that CSDDP is NP-hard, we use the fact that the Equal
Cardinality Partition (ECP) problem define below is NP-hard.
Problem 2. (Equal Cardinality Partition) Given a set A of n
numbers, can A be partitioned into two disjoint subsets A1
and A2 such that A = A1 ∪ A2 , the sum of the numbers in A1
equals the sum of the numbers in A2 and that |A1 | = |A2 |?
Lemma 1. ECP is NP-hard.
Proof. See Appendix B.
By reducing ECP to CSDDP, we have the following result:
Theorem 4. CSDDP is NP-complete.
Proof. See Appendix C for a detailed proof.
Although this problem is NP-complete even in a very
restrictive case with one cache and each user requesting one
file, in the next section we show that a greedy algorithm can
find approximate solutions with guaranteed performance.
Note that problem formulation (1) assumes a single queue
shared by all caches to the back-end server. An alternative
choice is to have distinct queues from each cache to the backend server. In that case, λc dc (λc ) in (1) should be replaced
with a sum of M delay terms, where M is the number of
caches. The model with distinct queues also results in an NPcomplete problem, since problem (1) is NP-complete when
there is only one cache in the network.
VI. A PPROXIMATION A LGORITHMS
In this section, we show that the problem of joint caching
and routing (for both congestion-insensitive and congestionsensitive delay models) can be formulated as the maximization
of a monotone submodular function subject to matroid constraints. This enables us to devise algorithms with provable
approximation guarantees.
We first review the definition and properties of matroids [18], and monotone [19] and submodular [17] functions, and then show our problem can be formulated as the
maximization of a monotone submodular function subject to
matroid constraints.

Definition 3. A matroid M is a pair M = (S, I), where S is
a finite set and I ⊆ 2S is a family of subsets of S with the
following properties:
1) Ø ∈ I,
2) I is downward closed, i.e., if Y ∈ I and X ⊆ Y , then
X ∈ I,
3) If X, Y ∈ I, and |X| < |Y |, then ∃y ∈ Y \X such that
X ∪ {y} ∈ I.
Definition 4. Let S be a finite set. A set function f : 2S → R
is submodular if for every X, Y ⊆ S with X ⊆ Y and every
x ∈ S\Y we have
f (X ∪ {x}) − f (X) ≥ f (Y ∪ {x}) − f (Y ).
Definition 5. A set function f is monotone increasing if
X ⊆ Y implies that f (X) ≤ f (Y ).
Let Xm denote the set of files stored in cache m, and
define X = X1 t X2 t . . . t XM to be the set of files stored
in the M caches, where t denotes disjoint union. X is the set
equivalent of the binary content placement x defined in (1).
Note that |Xm | ≤ Cm
Let Sm = {s1m , s2m , . . . , sKm } denote the set of all possible files that could be placed in cache m where sjm denotes
the storage of file j in cache m. The set element sjm corresponds to the binary variable xjm defined in the optimization
problem (1) such that xjm = 1 if and only if the element
sjm ∈ X. Define the super set S = S1 ∪ S2 ∪ . . . ∪ SM as
the set of all possible content placements in the M caches.
We have the following lemma.
Lemma 2. The constraints in (1) form a matroid on S.
Proof. For a given content placement x, the optimal routing policy can be computed in polynomial time since
Dx (p) = D(p; x) is a convex function. With that in mind,
we can write the average delay as a function of the content
placement X ⊆ S. Thus, the constraints on the capacities of
the caches can be expressed as X ⊆ I where
I = {X ⊆ S : |X ∩ Sm | ≤ Cm , ∀m = 1, . . . , M }.
Note that (S, I) defines a matroid.
Let dij (x) denote the minimum average delay for user i
accessing file j through a cached path, given content placement x, excluding queueing delay for fetching content from
the back-end server in the case of a cache miss. We have
dij (x) = min dijm ,
m

where dijm denotes the average delay of accessing content j
from cache m, excluding the queueing delay, defined as (xjm
indicates that file j is in cache m)
dijm =

dhim xjm

+

dcim (1

− xjm ).

Similarly, we define
yij = max aim xjm ,
m

denoting whether user i can access content j from a neighboring cache.
Given
P the content placement in the caches, let
pij , m pijm denote the fraction of the traffic for
which user i uses the cached paths to access content j. Also,
let
X
λc (p) =
λi qij (1 − yij )pij ,
i,j

and
λb (p) =

X

λi qi,j (1 − pij ),

i,j

denote the aggregate request rate for missed requests, and
requests sent over the uncached paths, respectively. We rewrite
the delay functions for the congestion-insensitive and the
congestion-sensitive models as


X
1 X
λi qij pij dij (x) +
λi qij (1 − pij )dbi  ,
D(p; x) =
λ i,j
i,j
and
"


1 X
λi qij pij dij (x) + (1 − pij )dbi
D(p; x) =
λ i,j




+ λb (p)db λb (p) + λc (p)dc



#

λc (p) ,

respectively. The optimal routing policy for a given content
placement x, then, is one that minimizes D(p; x), and can be
found by solving the following optimization problem:
minimize D(p; x)
such that

0 ≤ pij ≤ 1

∀i, j.

Note that D(p; x) is convex and the above optimization
problem can be solved in polynomial time.
Let xX be the equivalent binary representation of the
content placement set X. It is clear that adding items to the
set X can only decrease the value of D(p; xX ). Moreover,
one might expect that adding an item to a set containing a
smaller number of files might decrease the delay by a larger
amount compared to adding the item to a set containing
a larger number of files. We formally prove this statement
through the following lemma for both congestion-insensitive
and congestion-sensitive delay models bearing in mind that
DØ denotes the expected delay with no files cached:
Lemma 3. Let P denote all routing policies. For X ⊆ S,
the function G(X) = DØ − minp∈P D(p; xX ) is a monotone
increasing and submodular function.
Proof. See Appendix D for a detailed proof.
A direct consequence of Lemma 3 is that the objective of the
joint caching and routing problem is to maximize a monotone
submodular function. Therefore,
Theorem 5. The approximate solution obtained by the greedy
algorithm in Algorithm 1 is within a (1 − 1/e) factor of the

optimal solution G(X ∗ ).
Proof. It was shown in [20] that the greedy algorithm for
maximizing a monotone submodular set function with matriod
constraints yields a (1 − 1/e)-approximation.
Algorithm 1 starts with empty caches and at each step
greedily adds a file to the cache that maximizes function G.
This process continues until all caches are filled to capacity.
Optimal routing is then determined based on the content
placement.
Algorithm 1 GreedyWG: A greedy approximation with performance guarantees.
1:
2:
3:
4:
5:
6:
7:
8:
9:
10:
11:
12:
13:

S ← {sjm : 1 ≤ j ≤ K, 1 ≤ m ≤ M }
Xm ← Ø, ∀m
X←Ø
P
for c ← 1 to
m Cm do
sj ∗ m∗ ← arg maxsjm ∈S G(X ∪ {sjm })
Xm∗ ← Xm∗ ∪ {sj ∗ m∗ }
X ← X ∪ {sj ∗ m∗ }
if |Xm∗ | = Cm∗ then
S ← S\sjm∗ , ∀j
else
S ← S\sj ∗ m∗
Content placement is done according to X.
Determine the routing as p∗ ← arg minp D(p; xX ).

Although the greedy algorithm in Algorithm 1 is guaranteed
to find solutions within a (1 − 1/e) factor of the optimal
solution, its complexity is high, O(M 2 N 2 K 2 log (N K)). We
devise a second, computationally more efficient, greedy algorithm in Algorithm 2 with time complexity O(M 3 N K).
We do not have accuracy guarantees for Algorithm 2, but in
the next section, we will show that it performs very well in
practice.
Algorithm 2 is based on the following ideas. It starts
with empty caches and initializes the cache access delays
for users as the miss delays to their closest caches. Then
at each step a file is greedily selected to be placed in a
cache
that maximizes the change in the user access delays,
P
h
λ
q
i i ij (dij − min{dij , dim }). This process continues until
the caches are filled. Finally, similar to Algorithm 1, a routing
policy that minimizes D(p; x) is determined.
VII. P ERFORMANCE E VALUATION
In this section, we evaluate the performance of the approximate algorithms through discrete-event simulations. Our goal
here is to evaluate 1) how well the solutions for the greedy
algorithms compare to the optimal solutions (when computing
the optimal solution is feasible), and 2) how well solutions
from the greedy algorithms compare to those produced by a
baseline.
Here, we consider a congestion-sensitive model where the
requests over the uncached paths experience a queuing delay

Algorithm 2 Greedy: A greedy approximation without known
performance guarantees.
1:
2:
3:
4:
5:
6:
7:
8:
9:
10:
11:
12:
13:
14:
15:

Xm ← Ø, ∀m
X←Ø
c
dij ← minm {dP
im }, ∀i, j
for c ← 1 to
m Cm do
Gjm ← [0]K×M
for m ← 1 to M do
if |Xm | < Cm then
for j ← 1 toPK do
Gjm ← i λi qij (dij − min{dij , dhim })
[j ∗ , m∗ ] ← arg maxj,m Gjm
Xm∗ ← Xm∗ ∪ {sj ∗ m∗ }
X ← X ∪ {sj ∗ m∗ }
dij ∗ ← min{dij ∗ , dhim∗ }, ∀i
Content placement is done according to X.
Determine the routing as p∗ ← arg minp D(p; xX )

modeled as an M/M/1 queue2 , while the requests missed
from caches experience a constant delay. For our baseline,
we compare the approximate algorithms to the delay obtained
by the following algorithm we refer to as p-LRU.
A. p-LRU
The cache replacement policy at all caches is Least Recently
Used (LRU). For the routing policy, we assume that users that
are not connected to any caches forward all their requests to
the back-end servers. The remaining users, for each request,
use a cached path with probability p and with probability 1−p
forward the request to the uncached path. If user i decides to
use a cached path, she chooses uniformly at random one of
the ni caches she is connected to. The value of p is the same
for all users that have access to a cache, and is chosen to
minimize the average delay.
First, assuming users equally split their traffic across the
caches that they can access, the aggregate popularity for
individual files is computed at each cache. Let rjm denote the
normalized aggregate popularity of file j at cache m. We have
1 X
rjm =
λi qij /ni ,
Λ
i∈Im

where Im denotes the set of users connected to cache m,
and Λ is the normalizing constant across all files. Note that
rjm is independent of the parameter p. With the aggregate
popularities at hand, hit probabilities are computed at each
cache using the characteristic time approximation [21]. Let
P(xjm = 1) denote the probability that file j resides in cache
m. From [21] we have
P(xjm = 1) = 1 − exp (−rjm Tm ),
2 Note that our analysis is valid for a G/G/1 queue, and the M/M/1 queue is
only assumed for evaluation purposes since there is no closed form formula
for a G/G/1 queue.

where Tm is the characteristic time of cache m is the unique
solution to the equation
X
Cm =
1 − exp (−rjm Tm ).

service rate is proportional to the aggregate request rate, where
the scaling factor will be specified later.

j

Given the cache hit probabilities, the average delay in accessing content j from caches for user i equals

1 X 
P(xjm = 1)dhim + (1 − P(xjm = 1))dcim ,
dcij =
ni
m∈Mi

i∈I

Remember that some users may not be connected to any
caches. Considering the traffic from all users, we can write
the overall average delay as

X
X
1
λi dbi +
λi dbi
DLRU = pλI Dc + (1 − p)
λ
i∈I
i6∈I
#
µ
P
P
+
−1 .
µ − (1 − p) i∈I λi − i6∈I λi
By differentiating DLRU with respect to p, the optimal value
of p is found to be
s
!
P
µ
λ
i
i∈I
P
− µ + λ /λI }}.
p∗ = max{0, min{1,
λI Dc − i∈I λi dbi
B. Network Setup
We consider a network with users uniformly distributed in a
2-D square. We consider two architectures. First, we assume
there is only one large cache at the center of the network
as in Figure 6a. Second, we consider a network with five
small caches with equal storage capacities as in Figure 6b.
Figure 6 also shows the communication range of the caches in
each case. In the single-cache network, the cache has a larger
communication range and five times the capacity of each of
the caches in the multi-cache network.
Users that are not in communication range of any caches
can only use the uncached path to the back-end server. The
hit delay for each user is linearly proportional to the distance
from the cache and has the maximum value3 of 12.5 time
units and 5.5 time units for the single and multi-cache systems,
respectively. For a cache miss, an additional delay of 25 time
units is added to the hit delay. The initial access delay of the
uncached path is set to five time units for each user, and the
3 Here, delay aggregates all request propagation and download delays as
well as the processing and queuing delays. We use normalized delay values
instead of using any specific time unit.

(a)

(b)

Fig. 6: A network with (a) one cache, and (b) five caches.

C. Numerical Evaluation
1) GreedyWG vs. Optimal: First, we compare the solution
of GreedyWG the approximate algorithm in Algorithm 1 to the
optimal solution. Due to the exponential complexity of finding
the optimal solution, we are only able to compute the optimal
solution for small problem instances. Here, we consider a
network with five users and a single
P cache. User request
rates are arbitrarily set to satisfy
i λi = 5. We assume
users are interested in 15 files, and that the aggregate user
request popularities follow a Zipf distribution with skewness
parameter 0.6. The service rate of the back-end server is µ = 1.
Figure 7 shows the average delay and the 95% confidence
interval over 100 runs of each algorithm. It is clear that
GreedyWG performs very close to optimal. In fact, we observe
that GreedyWG differs from the optimal solution less than
20% of the time, and the relative difference is never more
than 1%.
25
p−LRU
GreedyWG
Optimal

20

Average delay

where Mi denotes the set of caches that user i is connected
to. Note that |Mi | = ni .
Let I denote the set of users that are connected to at least
one cache, and let λI denote the aggregate request rate of
these users. The average delay to access content from caches
equals
1 XX
Dc =
λi qij dcij .
λI
j
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Fig. 7: Evaluation of GreedyWG against Optimal and p-LRU.

2) GreedyWG vs. Greedy: Next, we compare the solutions
of GreedyWG against those of Greedy, the approximation
algorithm, Algorithm 2, with lower computational complexity
but no performance guarantees. We consider a network with
five caches and 100 users uniformly distributed in a 10 × 10
field.
Figure 8 shows the average delay and the 95% confidence interval for different values of available cache budget.
Greedy (red curve) is barely distinguishable from GreedyWG
(black curve), meaning that Greedy performs very close to
GreedyWG.
We also evaluate these algorithms over different values of
the service rate at the back-end server. Figure 9 shows the
average delay for µ between 2 to 7, with the aggregate traffic

13

rate set to λ = 5. Similar to Figure 8, Greedy performs very
close to GreedyWG, and is always within 1% of GreedyWG.
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Fig. 10: Evaluation of the Greedy and p-LRU for the single-cache (S) and
multi-cache (M) network setups for different values of the available cache
budget. The service rate is set to be 0.8 times the aggregate traffic rate.
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Fig. 8: Evaluation of the two greedy approximations over different values of
the cache budget split equally between five caches. Aggregate user request
rate is λ = 5, and service rate of the back-end server equals 2.5.
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Fig. 11: Evaluation of the Greedy and p-LRU algorithms for different values
of the service rate to aggregate traffic ratio for the single-cache (S) and multicache (M) network setups.
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Fig. 9: Evaluation of the greedy algorithms for different values of the service
rate at the back-end server. Aggregate user request rate is λ = 5, and the
service rate varies from 2 to 10. Cache budget is set to 125.

D. Trace-driven Simulation
Here, we present trace-driven evaluation results where we
use traces for web accesses collected from a gateway router at
IBM research lab [22]. The trace consists of approximately 9
million requests generated for more around 3.3 million distinct
files over a period of five hours. We only consider Greedy, the
greedy algorithm presented in Algorithm 2, since it performs
nearly as well as Algorithm 1, and has lower complexity.
The access delay to each cache equals one-tenth of the
distance from the cache in case of a cache hit. For a cache
miss, an additional delay of 25ms is added to the hit delay.
The initial access delay of the uncached path is set to 5ms for
each user, and the service rate is proportional to the aggregate
request rate, where the scaling factor will be specified later.
To evaluate the Greedy algorithm using the trace data, we
first divide the trace into smaller segments of approximately
120,000 requests. Each segment includes requests for approximately 40,000 distinct files, generated by approximately 2500
users. To simulate requests from the ith segment, we first
compute the file popularities using the (i − 1)st segment, and
compute the optimal value of p for the p-LRU algorithm.
Figure 10 compares the average delays for different cache
budgets for the p-LRU and the Greedy algorithms for the
single-cache (S) and multi-cache (M) networks. Significant
reductions in average delay of up to 50% are observed for both

single-cache and multi-cache networks when using Greedy
over p-LRU. While p-LRU yields similar performance in both
single-cache and multi-cache architectures, Greedy shows the
advantage of one architecture over the other depending on the
cache budget. When the cache budget is small, it is better to
have a single cache with larger cache size and coverage so
that more users can access popular files from the cache; when
the cache budget is large, it is better to have multiple caches,
each with smaller size and coverage, so that users can access
files from nearby caches with smaller hit delays.
We also evaluate the algorithms for different values of the
service rate of the uncached path assuming the cache budget is
fixed at 10, 000. Figure 11 shows the average delay when the
ratio of service rate to the total request rate changes from 0.6 to
1.2. Similar to Figure 10, the Greedy algorithm significantly
reduces the average content access delay. Again, the cache
architecture makes little difference for p-LRU but significant
affect to the performance of the Greedy algorithm. Moreover,
the difference decreases as the service rate on the uncached
path increases, as more traffic is offloaded to the uncached
path.
VIII. R ELATED W ORK
Benefits of content caching have been theoretically analyzed [6], [23]–[26]. [6], [26] demonstrate that the asymptotic
throughput capacity of a network is significantly increased by
adding caching capabilities to the nodes. In this paper, we have
considered the joint routing and cache-content management
problems. Numerous past research efforts have considered
these problems separately. The problem of content placement

in caches, has received significant attention in the Internet,
in hybrid networks such as those considered in this paper,
and in sensor networks [4], [5], [8], [9], [27]. Baev et al. [8]
prove that the problem of content placement with the objective
of minimizing the access delay is NP-complete, and present
approximate algorithms. More recently, Giovanidis et al. [28]
introduced multi-LRU, a family of decentralized caching policies, that extends the classical LRU policy to cases where
objects can be retrieved from more than one cache. The separate problem of efficient routing in cache networks has also
been explored in the literature [29], [30]. Cache-aware routing
schemes that calculate paths with minimum transportation
costs based on given caching policy and request demand have
been proposed in [25].
The joint caching and routing problem, with the objective
of minimizing content access delay, has recently been studied
in [4], [5], where the authors consider a hybrid network
consisting of multiple femtocell caches and a cellular infrastructure. Both papers assume that users greedily choose the
minimum delay path to access content, i.e., requests for cached
content are routed to caches (where content is know to reside),
whereas remaining requests are routed to the (uncached)
cellular network. They assume that the delays are constant
and independent of the request rate.
Our work differs from much of the previous research
discussed above by considering a joint caching and routing
problem, where we determine the optimal routes users should
take for accessing content as well as the optimal caching
policy. Our research differs from [4], [5] in that we consider
heterogeneous delays between users and caches, consider a
congestion-insensitive delay model for the uncached path as
well as a congestion-sensitive model, investigate the problem’s
time complexity, and propose bounded approximate solutions
for both congestion-insensitive and congestion-sensitive scenarios. We also determine scenarios for which the optimal
solution can be found in polynomial time for the congestioninsensitive delay model, and ascertain the root cause of the
complexity of the general problem.
Algorithms for joint caching and routing schemes were
previously proposed in [31] and [32] based on the primaldual method. These algorithms are based on the Lagrangian
relaxation method and rely on iterative algorithms to reach
a solution with certain optimality criteria. As such, there is
no efficiency guarantee on the results nor the running time
of these algorithms. In contrast, our proposed approximation
algorithms require fixed running time, and are guaranteed to
be withing a factor 1 − 1/e of the optimal solution.
IX. C ONCLUSION
In this paper, we have considered the problem of joint
content placement and routing in heterogeneous networks
that support in-network caching but also provide a separate
(uncached) path to a back-end content server; we considered
cases in which paths to the back-end server were modeled as
congestion-insensitive, constant-delay paths, and congestionsensitive paths modeled by a convex delay rate function. We

provided fundamental complexity results showing that the
problem of joint caching and routing is NP-complete in both
cases, developed a greedy algorithm with guaranteed performance of (1 − 1/e) of the optimal solution as well as a lower
complexity heuristic that was empirically found to provide
average delay performance that was within 1% of optimal (for
small instances of the problem) and that significantly reduce
the average content access delay over the case of optimized
traditional LRU caching. Our investigation of special-case scenarios − the congestion-insensitive multiple-cache single-fileof-interest case (where we demonstrated an optimal polynomial time solution) and the congestion-sensitive single-cache
single-file-of-interest case (which we demonstrated remained
NP-complete) − helped illuminate what makes the problem
“hard” in general. Our future work is aimed at developing
distributed algorithms for content placement and routing, and
on developing solutions for the case of time-varying content
popularity.
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submodular set function subject to a matroid constraint (extended
abstract),” in IPCO, 2007, pp. 182–196.
[21] H. Che, Z. Wang, and Y. Tung, “Analysis and design of hierarchical
web caching systems,” in INFOCOM, 2001.
[22] P. Zerfos, M. Srivatsa, H. Yu, D. Dennerline, H. Franke, and D. Agrawal,
“Platform and applications for massive-scale streaming network analytics,” IBM Journal for Research and Development: Special Edition on
Massive Scale Analytics, vol. 57, pp. 1–11, May 2013.
[23] E. Rosensweig, J. Kurose, and D. Towsley, “Approximate models for
general cache networks,” in IEEE INFOCOM, 2010.
[24] V. Sourlas, L. Gkatzikis, P. Flegkas, and L. Tassiulas, “Distributed cache
management in information-centric networks,” IEEE Transactions on
Network and Service Management, vol. 10, no. 3, 2013.
[25] V. Sourlas, P. Flegkas, and L. Tassiulas, “Cache-aware routing in
information-centric networks,” in IFIP/IEEE International Symposium
on Integrated Network Management, 2013.
[26] S. Gitzenis, G. Paschos, and L. Tassiulas, “Asymptotic laws for joint
content replication and delivery in wireless networks,” IEEE Transactions on Information Theory, vol. 59, no. 5, pp. 2760–2776, May 2013.
[27] B. Tang and H. Gupta, “Cache placement in sensor networks under an
update cost constraint,” Journal of Discrete Algorithms, vol. 5, no. 3,
pp. 422–435, 2007.
[28] A. Giovanidis and A. Avranas, “Spatial multi-lru caching for wireless
networks with coverage overlaps,” in SIGMETRICS. ACM, 2016, pp.
403–405.
[29] W. Chai, D. He, I. Psaras, and G. Pavlou, “Cache less for more in
information-centric networks,” in IFIP Networking, 2012.
[30] I. Psaras, W. Chai, and G. Pavlou, “Coordinating in-network caching in
content-centric networks: Model and analysis,” in In ACM SIGCOMM
Workshop on Information-Centric Networking, 2012.
[31] W. Jiang, S. Ioannidis, L. Massoulié, and F. Picconi, “Orchestrating
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A PPENDIX A
N ETWORK WITH T WO C ACHES
Proof. Consider the highlighted elements of the matrix in
Figure 12, and let r1 denote the first row of the matrix. Also,
let r2 and r3 denote the first two rows below the second
horizontal line. It is easy to see that if these three rows are
selected to be in R, any assignment satisfying Proposition 2
should have −s(r1 ) = s(r2 ) = s(r3 ). Otherwise, the signed
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Fig. 12: An example of the constraints matrix A for a network with two
caches, two users and three files

sum of the rows will have entries other than {0, ±1}. This
observation can be easily extended to see that rows below the
second horizontal line can be considered in groups of two
such that if the two rows are selected to be in R they will be
assigned the same sign.
We sign the rows in R starting from the rows below the
second horizontal line. Considering the groups of two rows,
we make assignments such that the elements to the left of the
vertical line of the signed sum of the rows are in {0, −1} only.
To see why this is possible, note that the non-zero elements of
the matrix to the left of the vertical line can be seen as small
blocks of 2 × 2 matrices. It is easy to see that the signed sum
of any subset of these blocks can be made to have elements
only in {0, −1}, with rows in the same group getting the
same assignment. The rows between the two horizontal lines
are always signed +1. The sign of the rows above the first
horizontal line follows the assignment of the lines below the
second horizontal line based on the previous discussion.
With the above procedure, the sum of the signed vectors
will have entries in {0, ±1} for any set of rows R, and from
Proposition 2 it follows that the matrix A is totally unimodular,
and hence the solution for the optimization problem in (1) for a
network with two caches can be found in polynomial time.
A PPENDIX B
P ROOF OF L EMMA 1
Proof. A proof of NP-hardness of a more general form of ECP
is given in [33]. Here, we give a simpler proof by a reduction
from the Partition problem.
Problem 3. (Partition) Given a set A of n positive integers,
can A be partitioned into two disjoint subsets A1 and A2 such

that A = A1 ∪ A2 and the sum of the numbers in A1 equals
the sum of the numbers in A2 ?

A PPENDIX D
P ROOF OF L EMMA 3

For each instance of Partition with input A = {a1 , . . . , an }
create an instance A0 = {a1 , . . . , an , 0, . . . , 0} by adding n
zeros to A. It is easy to see that A0 can be partitioned into
two subsets with equal cardinality if and only if A can be
partitioned. Therefore, Partition ≤P ECP, and ECP is NP-hard.

Here, we will first prove the lemma for the more general
case of convex delay rate function, and as an example consider
G/G/1 queues. Given a cache configuration X, let

(dhX )ij = inf dhim : Xjm = 1 ,
(dcX )ij = inf {dcim : Xjm = 0} ,

A PPENDIX C
P ROOF OF T HEOREM 4
Proof. It is easy to see that given some x, p the expected
delay D(x, p) can be computed in polynomial time, and hence
CSDDP is in NP. To show it is NP-hard, we reduce the
problem of Equal Cardinality Partition (ECP) to our problem.
For an instance of the ECP(A) problem we create
P the instance
CSDDP(S, A, [ S4 ], [+∞], [ a4i ], n2 ) where S = ai ∈A ai .
Now, the set A can be partitioned into subsets A1 and
A2 with |A1 | = |A2 | if and only if CSDDP achieves delay
(2n + 3)/S.
To see more clearly why the reduction works, first note that
with the delay values being set to dhi = 4/S and dbi = 4/ai ,
since dhi < dbi if a file exists in the cache all the requests for
that file will be directed to the cache. Also, since dci = +∞,
if a file is not in the cache all the requests for that file will
be requested from the back-end server. Therefore, we have
pi = xi , ∀i. Now, with the service rate set to µ = S, we can
re-write the optimization problem in (2) as follows
"
#
n
n
X
1 4X
S
minimize
ai xi + 4
(1 − xi ) + Pn
−1
S S i=1
i=1 ai xi
i=1
such that

denote the minimum cache hit and miss delays for user i
accessing file j, with the convention inf ∅ = +∞. We assume
that dhim ≤ dcim and hence 0 ≤ dhX ≤ dcX ≤ +∞.
Define (Λ)ij = λi qij , and let (λhX )ij , (λcX )ij , (λbX )ij
denote the rate of requests for file j sent by user i that are
routed through caches containing file j, routed through caches
without file j, and directly routed to the back-end server,
respectively. We suppress the subscript X when no confusion
arises.
The average delay can be written as
D(λh , λc , λb ) = λh · dh + λc · dc + f (λc ) + g(λb ),
where4 λc = λc · 1 and λb = λb · 1, and f (·) and g(·)
denote the total expected delay cost rate for the G/G/1 queues
representing the paths from caches to the back-end server, and
direct paths from users to back-end servers, respectively. The
total expected delay cost rate function for G/G/1 queues is
proved to be convex in [34].
Now we have the following optimization problem,
minimize D(λh , λc , λb )
subject to λh , λc , λb ≥ 0,

n
X

n
xi ≤
2
i=1

h

c

(3)

b

λ + λ + λ = Λ.

xi ∈ {0, 1}
Now, looking at the objective function in the above problem,
we can see that
n
X
Z1 = 4
(1 − xi ) ≥ 2n
i=1

Pn

since
Pn we should have i=1 xi ≤ n/2. Moreover, Z1 = 2n if
i=1 xi = n/2 meaning that exactly half of the files are in
the cache. We also have that
n
4X
S
ai xi + Pn
≥ 4,
Z2 =
S i=1
i=1 ai xi
Pn
and Z2 = 4 only if i=1 ai xi = S/2.
Pn
Hence,
Pn Z1 +Z2 −1 = 2n+3 if and only if i=1 ai xi = S/2
and i=1 xi = n/2.
Therefore, if CSDDP(S, A, [ S4 ], [+∞], [ a4i ], n2 ) achieves
minimum delay (2n + 3)/S then A can be partitioned into
equal cardinality subsets.
It is easy to see that if A can be partitioned into two subsets
of equal cardinality, then CSDDP(S, A, [ S4 ], [+∞], [ a4i ], n2 ) has
minimum delay of (2n + 3)/S.

Since Slater’s condition holds, the optimal delay D? can be
found by solving the dual optimization problem. For notational simplicity, we first assume that dh and dc are finite.
This assumption can be easily removed by setting to zero
the components of λh and λc corresponding to the infinite
components of dh and dc , which simply reduces the number
of decision variables.
The Lagrangian for (3)
L(λh , λc , λb , ν, ξ h , ξ c , ξ b )
= D + ν · (Λ − λh − λc − λb ) − ξ h · λh − ξ c · λc − ξ b · λb
= ν · Λ − η c · λh − η u · λc − η s · λb + f (λc ) + g(λb ),
where η h = ν + ξ h − dh , η c = ν + ξ c − dc and η b = ν + ξ b .
The dual function is
D̂(ν, ξ h , ξ c , ξ b ) =

inf

λh ,λc ,λh
h
h

L(λh , λc , λb , ν, ξ h , ξ c , ξ b )

= inf (ν · Λ − η · λ ) + infc [f (λc ) − η c · λc ]
λh

λ

b

b

b

+ inf [g(λ ) − η · λ ].
λb

4 The

dot product is defined by a · b =

P

ij

aij bij .


(dcY \X + u?X 1) ∧ (s?X 1), dhY \X ∧ (s?Y 1)

For D̂ > −∞, we need η h = 0, η c ≥ 0, η b ≥ 0. When this
condition is met,


c
+ u?Y 1),
≤ h dhX ∧ (dX∪Y

D̂(ν, ξ h , ξ c , ξ b ) = ν · Λ − f ∗ (max(η c )) − g ∗ (max(η b )),
∗


(dcY \X + u?Y 1) ∧ (s?X 1), dhY \X ∧ (s?Y 1) ,

∗

where f and g are the conjugates of f and g respectively,
defined by
f ∗ (y) = sup[xy − f (x)],

g ∗ (y) = sup[xy − g(x)].

x

and
c
∆2 = dhX∩Y ∧ (dX∩Y
+ u?Y 1) ∧ (s?X 1)

x

− dhY ∧ (dcȲ + u?Y 1) ∧ (s?Y 1)

= h dhX∩Y ∧ (dcȲ + u?Y 1),

Thus the dual problem becomes
maximize ν · Λ − f ∗ (max(η c )) − g ∗ (max(η b ))
subject to


(dcY \X + u?Y 1) ∧ (s?X 1), dhY \X ∧ (s?Y 1) .

η c , η b ≥ 0,
dh − ν ≥ 0,

Since

η c + dc − ν ≥ 0,

c
+ u?Y 1)
dhX∩Y ∧ (dcȲ + u?Y 1) − dhX ∧ (dX∪Y


c
= h dhX∩Y ∧ (dX∪Y
+ u?Y 1), dcX\Y + u?Y 1, dhX\Y ≥ 0,

b

η − ν ≥ 0.
or
maximize D̃(s, u) = m(s, u) · Λ − f ∗ (u) − g ∗ (s)
s, u ≥ 0,

subject to

(4)

it follows that ∆1 ≤ ∆2 .
2) s?X ≤ s?Y .
∆1 = dhX ∧ (dcX̄ + u?X 1) ∧ (s?X 1)

where m(s, u) = dh ∧ (s1) ∧ (dc + u1) with ∧ denoting
component-wise minimum.
Now we make explicit the dependence on cache configuration. Given the cache configuration X, let s?X and u?X be an
?
the optimal
optimal solution of the dual problem (4) and DX
delay.
Let X, Y be two cache configurations. We want to show
?
?
?
DX
+ DY? ≤ DX∪Y
+ DX∩Y
.

c
− dhX∪Y ∧ (dX∪Y
+ u?X 1) ∧ (s?X 1),

= h dhX ∧ (dcX∪Y + u?X 1) ∧ (s?X 1),

dcY \X + u?Y 1, dhY \X

c
≤ h dhX ∧ (dX∪Y
+ u?Y 1) ∧ (s?Y 1),

dcY \X + u?Y 1, dhY \X ,

(5)

Assume that X \ Y 6= ∅ and Y \ X =
6 ∅; otherwise, (5) holds
trivially. Without loss of generality, assume u?X ≤ u?Y . Then

and
∆2 = dhX∩Y ∧ (dcX∩Y + u?Y 1) ∧ (s?Y 1)

?
?
?
DX
+ DY? − DX∪Y
− DX∩Y

=
≤
=

D̃X (s?X , u?X ) + D̃Y (s?Y , u?Y )
− D̃X∪Y (s?X∪Y , u?X∪Y ) − D̃X∩Y (s?X∩Y , u?X∩Y )
D̃X (s?X , u?X ) + D̃Y (s?Y , u?Y )
− D̃X∪Y (s?X ∧ s?Y , u?X ) − D̃X∩Y (s?X ∨ s?Y , u?Y )
Λ · [mX (s?X , u?X ) + mY (s?Y , u?Y )
− mX∪Y (s?X ∧ s?Y , u?X ) − mX∩Y (s?X ∨ s?Y , u?Y )]

= Λ · [∆1 − ∆2 ],
where
∆1 = mX (s?X , u?X ) − mX∪Y (s?X ∧ s?Y , u?X ),
∆2 = mX∩Y (s?X ∨ s?Y , u?Y ) − mY (s?Y , u?Y ).
Define h(x, y, z) = x ∧ y − x ∧ z, which is nonnegative and
increasing in x for y ≥ z. Now consider two cases,
1) s?X ≥ s?Y .
∆1 = dhX ∧ (dcX̄ + u?X 1) ∧ (s?X 1)
− dhX∪Y ∧ (dcX∪Y + u?X 1) ∧ (s?Y 1)

= h dhX ∧ (dcX∪Y + u?X 1),

− dhY ∧ (dcȲ + u?Y 1) ∧ (s?Y 1)

= h dhX∩Y ∧ (dcȲ + u?Y 1) ∧ (s?Y 1),

dcY \X + u?Y 1, dhY \X .
Since
dhX ∧(dcX∪Y +u?Y 1)∧(s?Y 1) ≤ dhX∩Y ∧(dcȲ +u?Y 1)∧(s?Y 1),
it follows that ∆1 ≤ ∆2 .
In both cases, (5) holds and hence D? is supermodular, and
DØ − D? is submodular.

